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Abstract. This paper presents a discriminative model of multivariate pattern clas-
sification, based on functional magnetic resonance imaging (fMRI) and anatomi-
cal template. As a measure of brain function, Regional homogeneity (ReHo) is
calculated voxel by voxel, and then a widely used anatomical template is ap-
plied on ReHo map to parcelate it into 116 brain regions. The mean and stan-
dard deviation of ReHo values in each region are extracted as features. Pseudo-
Fisher Linear Discriminant Analysis (PFLDA) is performed for training samples
to generate discriminative model. Classification experiments have been carried out
in 48 schizophrenia patients and 35 normal controls. Under a full leave-one-out
(LOO) cross-validation, correct prediction rate of 80% is achieved. Anatomical
parcellation process is proved useful to improve classification rate by a control
experiment. The discriminative model shows its ability to reveal abnormal brain
functional activities and identify people with schizophrenia.

1 Introduction

Schizophrenia is a chronic, severe, and disabling mental disorder that a�ects about 1
percent of general population. This disorder usually appears in the late teens or early
twenties and then persists for a lifetime. Schizophrenia is characterized as diverse clin-
ical presentations, such as hallucinations, delusions, anhedonia, avolition and impaired
cognitive functions [1]. Current available schizophrenia diagnosis is mainly based on
clinical symptoms and medical history. More objective approaches are needed to help
diagnose schizophrenia and further to be extended to identify its subtypes or other psy-
chotic disorders, which sometimes have similar symptoms with schizophrenia.

Functional neuroimaging studies have suggested the neural correlates of these clin-
ical presentations. Due to the fact that brain functional activities not only exists when
people perform specific tasks but also maintains in resting state, it is reasonable to hy-
pothesize that abnormal brain activities also appears in schizophrenia when they are
in resting state. Most current classification studies trying to distinguish psychiatry dis-
eases from controls focused on structural images [2][3][4], but some recent studies also
attempted to extract features from functional images [5][6].
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As a mapping of brain spontaneous activity, regional homogeneity (ReHo) was pro-
posed to measure the temporal similarity of fMRI signals in resting state[7]. In previ-
ous studies, ReHo was successfully employed to verify the default mode network and
located the region of interests (ROIs) without prior knowledge in a brain functional
connectivity research [8][9]. Decreased ReHo pattern were also reported in the patients
with schizophrenia [10]. In this paper, ReHo was used as a measure of brain activity,
and the result map was subdivided into 116 regions according to an anatomical template
[12]. The spontaneous activity di�erences between schizophrenia and normal controls
will lead to di�erent ReHo values in some specific brain regions, that is this classifica-
tion algorithm based on. Features were extracted in each region and a classifier was then
generated based on Pseudo-Fisher Linear Discriminant Analysis (PFLDA). The perfor-
mance of the classifier was evaluated by using a leave-one-out (LOO) cross-validation
approach.

The remaining paper is organized as follows. Materials are presented in Section 2,
a general description of our classification approach is in Section 3, experiments on
schizophrenia and discussion on results are given in Section 4. We summarize this paper
in Section 5.

2 Materials

2.1 Subjects

55 patients with schizophrenia and 36 controls participated in this study, and then 7
patients and 1 control were excluded according to the following analysis. The remaining
48 (26 males and 22 females, age 23.5�6.6 years) patients were recruited from the
inpatient unit at Institute of Mental Health, Second Xiangya Hospital of Central South
University. Confirmation of diagnosis was made for all patients by clinical psychiatrists,
using the Structured Clinical Interview for DSM-IV, Patient version [11]. The duration
of illness was 27.5�38.6 months. The majority of subjects (33 of 48 subjects) were
receiving atypical antipsychotic medications and the chlorpromazine equivalent dose
was 467.4�215.5mg. Patients were free of any concurrent psychiatric disorders and had
no history of major neurological or physical disorders leading to altered mental state.
35 (20 males and 15 females, age 27.1�6.2 years) healthy subjects were recruited by
advertisements as control group. All subjects were right-handed and were given written,
informed consent prior to take part in the study, which was approved by the Medical
Research Ethics Committee of the Second Xiangya Hospital, Central South University.

2.2 Image Acquisition and Preprocessing

Imaging was performed on a 1.5-T GE scanner. Foam pads were used to limit head
motion and reduce scanner noise. The fMRI scanning was carried out in darkness, and
the participants were explicitly instructed to keep their eyes closed, relax, and to move
as little as possible. Functional images were collected using a gradient-echo echo-planar
sequence sensitive to BOLD contrast (TR�TE � 2000�40 ms, FA � 90Æ, FOV � 24 cm).
Whole-brain volumes were acquired with 20 contiguous 5 mm thick transverse slices,
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with a 1 mm gap and 3�75�3�75 mm in-plane resolution. For each participant, the fMRI
scanning lasted for 6 minutes.

Subjects were excluded with larger than 1.5 mm maximum displacement in either
of x,y,z directions or 1.5 degree of angular rotation. Image preprocessing was then
performed using a statistical parametric mapping software package (SPM2, Wellcome
Department of Imaging Neuroscience, London, UK). The first 10 volumes of each func-
tional time series were discarded and the remaining 170 volumes were corrected for the
acquisition delay between slices and for head motion. To further reduce the e�ects of
other possible source of artifacts, such as six motion parameters, linear drift and the
mean time series of all voxels in the whole brain, a linear regression was performed
after the fMRI images were normalized to the standard echo planar imaging template,
and resampled to 3 � 3 � 3 mm3. The fMRI data was temporally band-pass filtered
(0.01-0.08 Hz) [13][14][15]

3 Methods

3.1 Regional Homogeneity

As a measurement of regional coherence of brain spontaneous activity, Regional homo-
geneity (ReHo) was defined as the temporal similarity of the low-frequency fluctuations
(LLF) in fMRI data [7]. The method was described in brief as follows.

ReHo was calculated with Kendall’s coeÆcient of concordance (KCC) [16], which
was assigned to each voxel by calculating the KCC of time series of this voxel with its
neighbors:

W �

�N
i�1(Ri)2

� N(R)2

1
12 K2(N3

� N)
(1)

Ri �

K�

j�1

ri j (2)

R � (N � 1)K�2 (3)

Where W is the KCC, which ranges from 0 to 1; Ri is the sum rank of the ith time point
and ri j is the rank of the ith time point in the jth voxel; R is the mean of the Ri; N is
the number of time points of fMRI time series, here N � 170; K is the number of one
given voxel plus its neighbors, here K � 27. An individual W map (ie. ReHo map) is
then obtained on a voxel by voxel basis for each subject.

3.2 Anatomical Parcellation

After registered to standard stereotaxic space in the preprocessing step, the fMRI vol-
umes were segmented into 116 regions by masking the Automated Anatomical Labeling
map (AAL) [12]. This template was validated and widely used in many previous studies
[5][17][18][19][20]. This parcellation divided the cerebra into 90 regions (45 in each
hemisphere) and the cerebella into 26 regions (9 in each cerebellar hemisphere and 8 in
the vermis) as Table 1.
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Table 1. Cortical and subcortical regions defined in AAL template in standard stereotaxic space

Superior frontal gyrus, dorsolateral Calcarine fissure Postcentral gyrus
Superior frontal gyrus, orbital Cuneus Superior parietal lobule
Superior frontal gyrus, medial Lingual gyrus Inferior parietal lobule
Superior frontal gyrus, medial orbital Superior occipital gyrus Supramarginal gyrus
Middle frontal gyrus Middle occipital gyrus Angular gyrus
Middle frontal gyrus, orbital Inferior occipital gyrus Precuneus
Inferior frontal gyrus, opercular Superior temporal gyrus Paracentral lobule
Inferior frontal gyrus, triangular Temporal pole: superior Posterior cingulate gyrus
Inferior frontal gyrus, orbital Middle temporal gyrus Caudate nucleus
Olfactory cortex Temporal pole: middle Putamen
Gyrus rectus Inferior temporal gyrus Pallidum
Anterior cingulated Heschl gyrus Thalamus
Precentral gyrus Fusiform gyrus Insula
Supplementary motor area Hippocampus Cerebellum hemisphere
Median cingulated Parahippocampal gyrus Vermis
Rolandic operculum Amygdala

3.3 Feature Extraction

To distinguish the abnormal brain activity in schizophrenia from normal controls, a
feature extraction method was proposed. The fMRI volumes were first performed to
calculate Kendall’s coeÆcient of concordance voxel by voxel. The resulting ReHo val-
ues were then normalized to zero mean and unit variance of each subject to reduce
total variance across subjects. The scaled ReHo map was then parcellated according to
AAL template. The mean and standard deviation of ReHo value were calculated in each
of 116 regions, so resulting into 232 measurements of each brain. Because the feature
dimension was much higher than the training sample size, these measurements were
processed with principle component analysis (PCA) and then projected into a lower-
dimension space, and PC coeÆcients were obtained and taken as features.

3.4 Pseudo-fisher Linear Discriminant Analysis

Fisher Linear Discriminative Analysis (FLDA), a widely used technique for pattern
classification, is designed to project data from D dimensions onto an appropriate line
on which projected samples are well separated [21][22].

Suppose that we have a set of n D-dimensional samples x,

z � �t x� x � (x1� x2� � � � � xn)t (4)

Where z is the scalar dot product on the line, � is the projective direction.
Theoretically, this line can be found by maximizing the ratio of between-class sep-

arability to within-class variability. To this purpose, FLDA considers maximizing the
following objective function:

J(�) �
�tS b�

�tS w�
(5)
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Where S B is the between classes scatter matrix and S � is the within classes scatter
Matrix. The definitions of the scatter matrices are:

S b � (m1 � m2)(m1 � m2)t (6)

S w �

N1�

i�1

(xi
1 � m1)(xi

1 � m1)t �

N2�

i�1

(xi
2 � m2)(xi

2 � m2)t (7)

Where m1 and m2 are mean feature vectors of each group, N1 and N2 are sample size of
each group. Finally, the optimal �� can be determined by:

�� � S �1
�

(m1 � m2) (8)

However, the number of features are always much higher than the number of total
training samples in neuroimaging research (N1 � N2 � D, D is dimension of feature
space). Computing inverse matrix of S � will lead to an ill-posed problem because FDA
will yield unreliable results in this condition. Dimension reduction is needed to pre-
process the features. In Pseudo-Fisher Linear Discriminative Analysis, principal com-
ponent analysis (PCA) is firstly applied on sample features x � �

n, samples are then
projected to a lower dimensional space and new features x� � �n�

(n�

� N1 � N2 � 1)
are generated. In this study, we have performed PCA step to solve this ill-posed prob-
lem in section 3�3. After this, the classical FLDA procedure can be performed and the
projective direction �� will be obtained.

After projecting data from D dimensions onto that line, the last thing is to define
threshold on it, which is determined by:

z0 � (N1mz
1 � N2mz

2)�(N1 � N2) (9)

Where mz
1 and mz

2 are the mean of projective scores of the two classes, respectively.

4 Experiments Results

Our approach was implemented in 48 schizophrenia and 35 normal controls.
To evaluate the performance of proposed discriminative model, a full leave-one-out

(LOO) cross-validation was performed. One subject was first selected as test, and the re-
maining were trained for classification model. Pseudo-Fisher Linear Discriminant Anal-
ysis (PFLDA) was employed as classifier. By repeating leave each subject out for test,
the average classification rate was obtained. Finally, whole experiments were repeated
by choosing the first m (m � N1 �N2 � 1) PC coeÆcients as features to test the stability
of results. Besides the test subject, we had total 82 subjects thus m would be chosen
from 1 to 81.

Classification results were shown in Fig 1, from which the best correct prediction
performed on patients and controls were 83% and 74% when using 81 features, and the
total correct prediction rate reached 80%.

The top 10 regions were obtained by tracing the features with largest weight in fisher
classifier and listed as Table 2. Among of them, Inferior frontal gyrus, Superior and



Regional Homogeneity and Anatomical Parcellation for fMRI Image Classification 141

 0.2

 0.3

 0.4

 0.5

 0.6

 0.7

 0.8

 0.9

 0  10  20  30  40  50  60  70  80

co
rr

ec
t r

at
e

feature number

schizophrenia
healthy control

total average

Fig. 1. Classification results. Circle line: correct prediction rate of schizophrenia. Triangle line:
correct prediction rate of normal controls. Square line: average correct prediction rate of total
subjects.

Table 2. Top 10 discriminative regions

Index Region Feature Index Region Feature
1 Superior parietal lobule, right Mean 6 Cerebellum hemisphere, right Mean
2 Pallidum, right Mean 7 Inferior parietal lobule, right Mean
3 Hippocampus, left SD 8 Fusiform gyrus, right SD
4 Amygdala, right Mean 9 Calcarine fissure, left SD
5 Olfactory cortex, right Mean 10 Inferior frontal gyrus, orbital, left Mean

Table 3. Classification results under leave-one-out

Discriminative model Schizophrenia Normal controls Total
Proposed method 83% 74% 80%
Control method 81% 66% 74%

Inferior parietal lobule, Pallidum, and some regions in limbic system including Hip-
pocampus, Amygdala and Olfactory cortex had been widely reported related with
schizophrenia [23][24]. The Cerebellum hemisphere, not reported widely, has also con-
sidered to be involved in schizophrenia [18].

To evaluate the e�ect of anatomical parcellation in classification process, a control
experiment was designed. After obtaining ReHo map, PCA was directly performed for
each subject and PC coeÆcients were taken as features. Di�erent with the previous
method, the parcellation step was removed in the control method, which was also the
traditional way to extract features. Classification results were shown as Table 3, from
which the best correct prediction performed on patients and controls were 81% and
66%, and the total correct prediction rate only reached 74%, which was obviously lower
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than the previous method. Therefore, the parcellation information was proved to be
important to improve the classification accuracy.

5 Conclusion

In this paper, a supervised multivariate classification method was proposed for distin-
guishing schizophrenia from normal controls by using the features containing both
functional and anatomical information. Regional homogeneity of fMRI signals pro-
vided brain function information, and anatomical prior knowledge was given by AAL
template. The experiment results indicated that the proposed method achieved satisfac-
tory classification rate in this schizophrenia study. Compared with control experiment,
anatomical parcellation process which took brain anatomical distribution into consider-
ation was proved contribute to improve the discriminative power.

The best prediction rate is 80%, however, this may not enough to meet the require-
ment of clinical applications. Nonlinear approaches and feature selection method could
be investigated in further research for improving the classification performance. Com-
bining with other types of features could also be considered to further improve the
eÆciency of proposed discriminative model.

Acknowledgement

This work was partially supported by the Natural Science Foundation of China, Grant
Nos. 30425004, 60121302 and 30670752, and the National Key Basic Research and
Development Program (973), Grant No. 2003CB716100.

References

1. Schultz, S.K., Andreasen, N.C.: Schizophrenia. Lancet 353(9162), 1425–1430 (1999)
2. Fan, Y., Shen, D.G., Gur, R.C., et al.: COMPARE: Classification Of Morphological Patterns

using Adaptive Regional Elements. IEEE Trans. on Medical Imaging 26, 95–105 (2007)
3. Lao, Z.Q., Shen, D.G., Xue, Z., et al.: Morphological classification of brains via high-

dimensional shape transformations and machine learning methods. NeuroImage 21, 46–57
(2004)

4. Liu, Y.X., Teverovskiy, L., Carmichael, O., et al.: Discriminative MR Image Feature Anal-
ysis for Automatic Schizophrenia and Alzheimer’s Disease Classification. In: Barillot, C.,
Haynor, D.R., Hellier, P. (eds.) MICCAI 2004. LNCS, vol. 3216, pp. 393–401. Springer,
Heidelberg (2004)

5. Wang, K., Jiang, T.Z., Liang, M., et al.: Discriminative Analysis of Early Alzheimer’s Dis-
ease Based on Two Intrinsically Anti-correlated Networks with Resting-State fMRI. In:
Larsen, R., Nielsen, M., Sporring, J. (eds.) MICCAI 2006. LNCS, vol. 4191, pp. 340–347.
Springer, Heidelberg (2006)

6. Zhu, C.Z., Zang, Y.F., Liang, M., et al.: Discriminative Analysis of Brain Fuction at Resting-
state for Attention-Deficit�Hyperactivity Disorder. In: Duncan, J.S., Gerig, G. (eds.) MICCAI
2005. LNCS, vol. 3750, pp. 468–475. Springer, Heidelberg (2005)

7. Zang, Y.F., Jiang, T.Z., Lu, Y.L., et al.: Regional homogeneity approach to fMRI data analy-
sis. NeuroImage 22, 394–400 (2004)



Regional Homogeneity and Anatomical Parcellation for fMRI Image Classification 143

8. He, Y., Zang, Y.F., Jiang, T.Z., et al.: Detecting Functional Connectivity of the Cerebellum
Using Low Frequency Fluctuations(LFFs). In: Barillot, C., Haynor, D.R., Hellier, P. (eds.)
MICCAI 2004. LNCS, vol. 3217, pp. 907–915. Springer, Heidelberg (2004)

9. He, Y., Wang, L., Zang, Y.F., et al.: Regional coherence changes in the early stages of
Alzheimer’s disease: a combined structural and resting-state functional MRI study. Neu-
roimage 35, 488–500 (2007)

10. Liu, H., Liu, Z., Liang, M., et al.: Decreased regional homogeneity in schizophrenia: a resting
state functional magnetic resonance imaging study. Neuroreport 17, 19–22 (2006)

11. First, M.B., Spitzer, R.L., Gibbon, M., et al.: Structured Clinical Interview for DSM-IV Axis
I Disorder-Patient Edition (SCID-I�P), Biometrics Research Department, New York State
Psychiatric Institute, New York (1995)

12. Tzourio-Mazoyer, N., Landeau, B., Papathanassiou, D., et al.: Automated anatomical la-
belling of activations in SPM using a macroscopic anatomical parcellation of the MNI MRI
single subject brain. Neuroimage 15, 273–289 (2002)

13. Fox, M.D., Snyder, A.Z., Vincent, J.L., et al.: The human brain is intrinsically organized into
dynamic, anticorrelated functional networks. Proc. Natl. Acad. Sci. 102, 9673–9678 (2005)

14. Lowe, M.J., Phillips, M.D., Lurito, J.T., et al.: Multiple sclerosis: low-frequency temporal
blood oxygen level dependent fluctuations indicate reduced functional connectivity initial
results. Radiology 224, 184–192 (2002)

15. Greicius, M.D., Krasnow, B., Reiss, A.L., et al.: Functional connectivity in the resting brain:
A network analysis of the default mode hypothesis. Proc. Natl. Acad. Sci. 100, 253–258
(2003)

16. Kendall, M., Gibbons, J.D.: Rank Correlation Methods. Oxford Univ. Press, Oxford (1990)
17. Achard, S., Salvador, R., Whitcher, B., et al.: A resilient, low-frequency, small-world human

brain functional network with highly connected association cortical hubs. J. Neurosci. 26,
63–72 (2006)

18. Liang, M., Zhou, Y., Jiang, T.Z., et al.: Widespread functional disconnectivity in schizophre-
nia with resting-state fMRI. Neuroreport 17, 209–213 (2006)

19. Salvador, R., Suckling, J., Coleman, M.R., et al.: Neurophysiological architecture of func-
tional magnetic resonance images of human brain. Cereb Cortex 15, 1332–1342 (2005)

20. Salvador, R., Suckling, J., Schwarzbauer, C., et al.: Undirected graphs of frequency-
dependent functional connectivity in whole brain networks. Philos. Trans. R Soc. Lond. B
Biol. Sci. 360, 937–946 (2005)

21. Duda, R.O., Hart, P.E., Stork, D.G.: Pattern Classification. John Wiley & Sons, New York
(2001)

22. Belhumeur, P.N., Hespanha, J.P., Kriegman, D.J.: Eigenfaces vs. Fisherfaces: Recognition
Using Class Specific Linear Projection. IEEE Trans. on PAMI 19, 711–720 (1997)

23. Shenton, M.E., Dickey, C.C., Frumin, M., et al.: A review of MRI findings in schizophrenia.
Schizophrenia Research 49, 1–52 (2001)

24. Fallon, J.H., Opole, I.O., Potkin, S.G.: The neuroanatomy of schizophrenia: circuitry and
neurotransmitter systems 3, 77–107 (2003)


	Regional Homogeneity and Anatomical Parcellation for fMRI Image Classification: Application to Schizophrenia and Normal Controls
	Introduction
	Materials
	Subjects
	Image Acquisition and Preprocessing

	Methods
	Regional Homogeneity
	Anatomical Parcellation
	Feature Extraction
	Pseudo-fisher Linear Discriminant Analysis

	Experiments Results
	Conclusion
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
    /MTEX
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 600
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.01667
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.01667
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 2.00000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /SyntheticBoldness 1.000000
  /Description <<
    /DEU ()
    /ENU ()
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.000 842.000]
>> setpagedevice




